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Abstract : Generative Artificial Intelligence (Al) is fundamentally altering the method in which Software as a Service (SaaS)
companies provide customer support. In the past, support systems have depended heavily on manual sorting of tickets, the use of
repetitive template answers, and a great deal of human involvement, all of which have led to longer response times, inconsistent
standards of service, and increasing operational expenses. Generative Al now offers an additional level of intelligent automation
that can classify incoming support tickets, produce responses that are appropriate to the context, summarize long customer
conversations, detect sentiment, and in real time display relevant content from the knowledge base to human agents. This paper
examines how far Generative Al improves the efficiency of customer support in SaaS companies, based on a qualitative review of
industry reports, peer-reviewed research papers, and publicly available case studies from major technology and research companies
and some us the methods for it. The study shows that Generative Al significantly cuts down on first-response time, boosts first-
contact resolution rates, and reduces the cost of handling each ticket, while at the same time bringing with it new risks concerning
data privacy, response accuracy, algorithmic bias, and the management of organizational change and a deep understanding of the
product. The paper concludes that Generative Al provides the most value when used as an augmentation tool to support human
agents rather than as a complete substitute for them, and it provides a number of practical recommendations for SaaS leaders who
are thinking about adopting it.
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INTRODUCTION

Customer support decides whether a software company keeps its subscribers over the long run. Because subscription models rely
on monthly payments instead of a single upfront fee which is high also, ongoing customer relationships drive steady revenue. Users
want fast answers, personal attention, and quick fixes at all hours, regardless of whether they reach out through email, live chat, or
social media.

Scaling past hundreds of customers makes manual support difficult. Teams struggle with high ticket volumes, rising labor costs,
and the challenge of keeping service quality steady across a scattered workforce. Standard helpdesk tools rely on basic rules like
keyword triggers and static macros. These older systems fail to grasp context, handle nuance, or generate original answers for
unusual problems.

Large language models from companies like OpenAl, Anthropic, and Google change how automation works. These generative
models read messy messages and figure out what users want. They would also be helpful to check support knowledge bases, and
write natural replies tailored to specific situations. Language-heavy support tasks fit the strengths of modern Al.

This paper looks at how software companies adopt generative support tools, where those tools create the most value, and what
financial benefits they bring. It also covers the risks you must manage. The goal is to give software leaders and customer service
professionals a clear look at both the opportunities and responsibilities of running Al-driven support.

NEED OF THE STUDY.

This research follows several core objectives:

ePinpoint the exact role generative Al plays in daily support operations.

el ook at how software companies apply Al to sort tickets, write replies, and summarize chats.

eMeasure how artificial intelligence impacts response times, resolution speeds, and overall ticket handling.
oFind the main benefits and limits of putting Al in direct contact with customers.

e Give software leaders clear and practical steps for bringing generative Al into their support teams.

RESEARCH QUESTION

This study looks at four core research questions:
o(Q1: How does generative Al improve support efficiency for software companies?
©(QQ2: What specific profit do businesses see in speed, cost savings, and client satisfaction?
©(Q3: What obstacles arise when you run Al driven support day to day?
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e(Q4: How do Al tools and human agents combine to deliver the best possible customer experience?
LITERATURE REVIEW

Literature on customer support automation spans vendor updates, industry reports, and academic papers. These studies group around
five core themes: ticket routing, automated replies, agent productivity, human oversight, and real-world tools.

Ticket Classification and Sentiment Analysis

Research from Gartner and McKinsey shows that Al sorting tools categorize incoming support requests by topic and urgency more
consistently than junior staff. Intelligent routing cuts down waiting times before reassignment, which often causes the longest delays
in total resolution. Sentiment analysis tools spot customer frustration early and escalate those tickets automatically to prevent churn.

Natural Language Generation and Response Quality

Papers from Microsoft and OpenAl explain how large language models use retrieval-augmented generation to pull from company
knowledge bases. This setup lets systems write replies matching a brand voice. These tools improve on older canned templates that
forced agents to pick from fixed libraries. However, models can still produce incorrect facts or hallucinations if they lack grounding
in verified data.

Productivity and Efficiency Gains

Reports from Salesforce and Zendesk indicate that Al-assisted agents resolve cases faster by drafting initial replies, summarizing
chat histories, and pulling up help articles instantly. Zendesk notes that Al self-service tools like virtual assistants resolve routine
queries without human help, allowing agents to handle harder cases.

The Continued Importance of Human Oversight

Sources including IBM, Google Cloud, and the Harvard Business Review emphasize that generative Al works best as an assistant
rather than a full replacement for people. Customers prefer reaching a human for sensitive or high-stakes problems, and removing
human review risks reputation and customer loss. IBM highlights the need for quality monitoring before messages reach users,
especially in regulated industries.

Industry Case Studies

Intercom describes Saa$S clients using Al agents to resolve routine tickets without human staff, while flagging complex chats with
full summaries. Zendesk reports teams pairing Al drafts with mandatory agent sign-offs for billing and account security. Salesforce
highlights sentiment tools flagging at-risk enterprise accounts so customer success teams can intervene before a renewal. While
these reports come from vendors, the pattern remains consistent across companies: automate routine work and route exceptions to
humans.

RESEARCH METHODOLOGY

We chose a qualitative research method for this study. You will notice that massive quantitative datasets on this topic simply do not
exist in the public domain yet. The technology changes too fast for standard numerical analysis.

5.1 Research Design

This research explores and describes current practices. We did not test one specific hypothesis with statistics. We want to help you
build a concrete understanding of how SaaS customer support teams use Generative Al right now. We pulled information from
multiple independent sources to see exactly where they agree and where they differ.

5.2 Data Sources

You will find that our study relies on secondary data. We collected this information from several places:

eIndustry research reports published by Gartner, McKinsey & Company, and Forrester.

eTechnology vendor publications and case studies from Salesforce, Zendesk, Intercom, Microsoft, Google Cloud, and OpenAl.
ePcer reviewed articles from publications like the Harvard Business Review.

ePublicly available case studies and press releases detailing actual Generative Al deployments in SaaS customer support.

5.3 Data Analysis Approach

We reviewed all this data by looking for common themes. We organized Sections 6 through 9 around recurring topics like efficiency
gains, cost reduction, customer satisfaction, adoption problems, and the need for people checking the work. We used public,
secondary data rather than our own surveys or interviews. You should read our findings as a summary of current industry knowledge
rather than brand new empirical proof.

5.4 Limitations of the Methodology

This qualitative approach has strict limitations. First, much of the available data comes from technology vendors selling Al products.
They have a financial interest in making their tools look good, which often leads to overly positive reporting. Second, the technology
updates rapidly. Publications from earlier this year might not reflect what current models can actually do. Third, we did not collect
primary data through user interviews or surveys. We cannot independently verify the numbers these vendors report. Future research
needs primary quantitative data to validate and extend what we present here.
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Application

Primary Function

Typical Efficiency Impact

Ticket Classification

Automatically categorizes and
routes incoming tickets

Reduces routing time and
improves first-assignment
accuracy

Reply Generation

Drafts accurate customer replies

Reduces first-response time
significantly

Conversation Summary

Accumulate long threads into
key points

Reduces agent time on
reassigned tickets

Behavior Analysis

Detects frustration, urgency, and
refund risk

Enables escalation and retention

Knowledge Search

Surfaces relevant
documentation instantly

Improves answer consistency
and accuracy

IV. BENEFITS OF GENERATIVE Al IN CUSTOMER SUPPORT
Implementing generative Al in software support drives five clear advantages:

eFaster Timely Response: Automated drafts cut down initial wait times right away. This works well for companies operating across
multiple time zones because the system provides useful replies outside of business hours even when human agents are offline.

e Agent Productivity: Al handles repetitive work like drafting good and standard replies, summarizing chat histories, and
researching through documentation. This lets support staff manage more tickets without burning out.

eImproved Customer Satisfaction: Faster resolutions, consistent answers, and 24/7 availability push customer satisfaction up,
especially for straightforward and high-volume requests.

eLower Operational Costs: Resolving tickets without human help and cutting down handling times for complex and big issues
lowers the cost of handling post-sales expenses.

Better Decision Making Through Data: The tool stores data and creates memory so it can be helpful for ongoing analysis

CHALLENGES AND LIMITATIONS
Using generative Al brings several operational hurdles that require active management and responsibility.

eData Privacy and Security: Chats and emails contain personal and business details which are confidential.
Sending this information to third-party clouds creates risks regarding regulatory compliance and data privacy.

eInaccurate Responses and Hallucination: Models sometimes generate incorrect answers. In support settings,
bad information wastes troubleshooting time and damages trust with users.

Companies must connect models to helpdesk tools, clean up internal knowledge bases, and train staff. These
upfront costs strain smaller budgets.

eImplementation Cost and Complexity: Setting up Al requires more than buying a software license.
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eContinued Need for Human Expertise: There are complex, emotionally fraught problems that Al alone
cannot solve. Full automation at the expense of human review hurts the customer experience when empathy
is needed most.

e Algorithmic Bias: Training data often contains historical biases. Without regular monitoring, Al systems
can treat certain customer groups badly in tone, priority, or help quality.

Challenge

Primary Risk

Mitigation Approach

Data Privacy

Unsecured Al tools can
expose private customer
information.

Encrypt sensitive details,
collect only essential data,
and vet third-party software
vendors before signing
contracts.

Hallucination

Models sometimes output
false, misleading, or
unverified claims.

Link Al directly to internal
documentation, check
generated replies, and pass
complicated cases to staff.

Algorithmic Bias

Skewed training data leads
systems to treat different
customer groups unfairly.

Audit Al behavior regularly
and retrain models using
balanced, realistic data.

Implementation Cost

Upfront spending on new
tools, infrastructure, and team
training adds up fast.

Phase the rollout gradually.
Start with repetitive, high-
volume tasks to earn returns
early.

Over-Automation

Leaning too hard on software
lowers service quality when
users face sensitive or
complex problems.

Set clear escalation paths so
real people take over tickets
that demand personal
judgment.

RESULTS AND DISCUSSION

The data points to a straightforward conclusion. Generative Al helps support teams run faster, but the technology works best
when it assists real people instead of replacing them entirely.

Keeping humans in the loop prevents major operational problems. Agents can review Al-drafted responses before sending them.
This keeps response times low while catching bad information, especially on sensitive tickets. Software easily handles repetitive,
basic questions. That frees your staff to spend their time on customers who need actual human empathy. This mix of automation
and human review consistently produces the best results for both speed and user satisfaction.

Customer expectations add another layer to this. Research shows trust plummets when customers realize they were talking to a
bot without any upfront warning. Telling users about Al right away protects your brand's reputation. It secures long-term
relationships and satisfaction rates.

Buying generative Al tools is just the first step. Running it requires daily attention, regular updates, and clear direction.
Companies hold onto their efficiency gains by treating their help articles, escalation rules, and review processes as living systems.
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They update these tools whenever their products change. Teams that set up Al once and ignore it quickly lose any initial
advantages.

RECOMMENDATIONS
10.1 Begin with Al Assisted Ticket Categorization

Saa$S organizations adopting Generative Al should start with basic tasks like sorting and routing tickets. This improves efficiency.
It also avoids automated errors in direct customer interactions. Companies can build confidence with these basic steps before letting
systems write full replies.

10.2 Maintain Human Review for Complex and Sensitive Cases

Support teams need clear guidelines for reviewing automated answers. Certain situations demand a real person. Billing issues,
service disruptions, and angry customers require personal attention before any message reaches the user.

10.3 Continuously Update and Ground Al Models
Organizations must connect their systems to an accurate knowledge base. Teams should update internal documentation immediately
when products or prices change. This provides exact facts. It prevents the software from giving buyers outdated information.

10.4 Measure Customer Satisfaction
Companies need to track resolution times. They should separate the data for automated interactions from entirely human handled
tickets. These numbers show exactly where automation works well. The data also reveals where support staff need to step in.

10.5 Implement Strong Data Privacy Policies
Businesses must investigate software vendors. Also should only share the absolute minimum amount of sensitive user information.
The setup must comply with laws like CCPA to protect consumer data.

10.6 Be Transparent with Customers

Organizations should tell users when they are interacting with a bot. Companies must always provide an obvious path to a real
agent. Honesty protects consumer trust.

CONCLUSION

Generative Al gives your SaaS customer support team practical tools. The study finds this software reduces response times and
helps your agents accomplish more. Your operating costs drop. You also see benefits when applying it to analyze user sentiment,
search internal databases, and finalize data. The technology carries concrete risks. You face ongoing problems with data privacy,
incorrect answers, and biased algorithms.

You can easily lose buyer trust if you leave the software unmonitored or hide the bot from your users. The research concludes that
automation works best when it supports your staff rather than replacing them.

The research concludes that automation functions best when working alongside human agents instead of replacing them. Companies
succeed by introducing the software in stages. They begin with low-risk tasks and ensure staff members review complex cases.

These organizations continuously update their systems and openly tell users when a bot is involved. This structured process secures
the efficiency of automation while protecting the actual customer experience that sustains the business.

The technology continues to change. Future primary studies tracking data directly from SaaS support teams and buyers will help
establish precise methods for adopting automation in customer service.

REFERENCES

®  Gartner, “Gartner Identifies Three Top Priorities for Customer Service and Support Leaders in 20247, Gartner Press Release,
2024.

® McKinsey & Company, “The Economic Potential of Generative Al: The Next Productivity Frontier”, McKinsey Global
Institute Insights, 2023.

®  Microsoft, “Generative Al in Real-World Workplaces: Al and Productivity Report”, Microsoft Research, 2024,
® Salesforce, “State of Service”, 6th Edition, Salesforce Research, 2024.

®  Zendesk, “Zendesk Customer Experience Trends Report 2024”, Zendesk Benchmark Reports, 2024.

[JNRD2607429 ‘ IJNRD - International Journal of Novel Research and Development (www.ijnrd.org) e325



https://ijnrd.org/
http://www.ijnrd.org/

INTERNATIONAL JOURNAL OF NOVEL RESEARCH AND DEVELOPMENT (IJNRD) ! 8
© 2026 IJNRD | Volume 11, Issue 7, July 2026 | ISSN: 2456-4184 | INRD.ORG orEn(gyRect

® |BM, “What is Responsible AI? Principles, Governance, and Practices for Trustworthy AI”, IBM Business Insights, 2024.

®  Google Cloud, “Customer Experience Insights: Analyzing Conversational Data Across the Customer Journey”, Google Cloud
Enterprise Solutions, 2024.

® OpenAl, “Retrieval-Augmented Generation for Knowledge-Intensive NLP Tasks”, Advances in Neural Information
Processing Systems (NeurlPS), 2020.

® Intercom, “The Customer Service Trends Report 2024”, Intercom Research, 2024.

® Harvard Business Review, “Improving Customer Service with Artificial Intelligence”, Harvard Business Review Analytics
Services Report, 2023.

Copyright & License:

© Authors retain the copyright of this article. This work is published under the Creative Commons
Attribution 4.0 International License (CC BY 4.0), permitting unrestricted use, distribution, and reproduction
in any medium, provided the original work is properly cited.

[JNRD2607429 IJNRD - International Journal of Novel Research and Development (www.ijnrd.org) e326



https://ijnrd.org/
http://www.ijnrd.org/

